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Research on Water Level Forecast Based on PCA-ESN Model

GONG Sha' ,PENG Hong-yu’
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2. Department of Computer Science and Technology, Tangshan University, Tanghan 063000, China)

Abstract; With Panjiakou Reservoir in Hebei Province as the research object, the PCA algo-
rithm is used to preprocess the data. Then, the new principal component is selected as the
input variable, and the water level of this reservoir is forecast through the PCA-ESN model.
The experimental results show that the two factors of historical water level and the rainfall
have a great impact on the water level. The ESN model can better forecast the trend of the
water level changes with small errors and high accuracy, which is feasible and effective in
the forecast of water level.

Key Words: Panjiakou Reservoir; Echo State Network (ESN)model; Principal Component
Analysis(PCA) ; water level forecast
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