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Modeling and Simulation of Moving Target

Tracking System Based on Kalman Filtering
GAN Zhi-ying
(School of Intelligence and Information Engineering, Tangshan University, Tangshan

063000, China)

Abstract: With regard to the deficiency for robustness and real-time performance in the tra-
ditional tracking algorithm, a moving target tracking system based on Kalman Filtering is
developed. In this system there are two steps: first, background-difference method is used
to detect the position of the target. Then, the Kalman filtering is used to evaluate its posi-
tion. Through modeling and simulation, it has shown that this algorithm can better predict
the position of the moving target and realize the real-time tracking.
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