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Study on an Improved Particle Swarm Optimization Algorithm
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063000, China)

Abstract; In order to overcome the shortcomings in the particle swarm optimization (such as
premature convergence,slower iteration and tendency to local optimum), an improved parti-
cle swarm optimization algorithm is proposed. This algorithm adopts the nonlinear dynamic
adaptive update weight to improve the convergence speed. The crossover operator in the dif-
ferential evolution algorithm is introduced to improve the global exploration ability of the al-
gorithm. The mutation strategy of differential evolution algorithm is used to generate candi-
date solutions to overcome the decline of population diversity and avoid the local optimum.
The algorithm has been used to optimize the two test functions. The simulation result shows
that the proposed algorithm is a global optimization algorithm with fast convergence speed
and high convergence precision.
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