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Application of Data Mining Association Rules

in Word Correlation Calculation

DONG Chen-hui, SHI Wen-hui

(Fujian Ningde Nuclear Power Co. Ltd. , Ningde 355200, China)

Abstract: The authors of this paper briefly introduce the association rules of data mining and
the current situation of the calculation of word correlation, explain the FP-growth algo-
rithm, then apply it to word association. Finally, a method of building a vocabulary commu-
nity structure is proposed to realize the calculation of word association. The analysis of the
experiment results shows that the proposed algorithm for word correlation has achieved bet-
ter accuracy, and is feasible and practical.
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